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2.1 CNN
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2.2 Generative Adversarial Networks
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2.3 Data Augmentation with GAN
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(Z 1) Zt labelE HlolE 70 (Ehl: 7H)
label Train set Test set
bacteria 6,308 1,700
lateblight 5,592 1,432
targetspot 4,496 1,120
yellowleafcurl 17,144 1,538
healthy 5,088 1,272
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(222l 2) (CNN architecture)

TA% 2de % 370¢] Convolutional layerZ ©]Fo1#4 i,
7} layer AbolAlelmity Max poolings 33ttt Convolutional
layerd] activation functionoll® ReLU[1l] ¥4E ARt 24
9] compiled]&= Multi class EF0]2E categorical crossentropy
loss function® AH8-38l9 1, optimizers AdamS ARE3H}. train
HA M batch sizex 100, epocht 500L.E callbackol] early
stopping AAE Wol FHFE AAE FHL d¥H 2
‘healthy’, ‘bacteria’, ‘lateblight’, ‘targetspot’, L8] ‘yellowleafcurl
% 57lelth
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(F 2) Zt label™ iteration 3%

label iteration
bacteria 68,080
lateblight 55,920
targetspot 44 960
yellowleafcurl 68,576
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(22 3) (Z label ¥ accuracy)
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(Z 3) dalls &4 off ot =29 accuracy
Model Healthy Unhealthy Overall
bacteria 0.9976 0.9916 0.9944
lateblight 1.0 0.9874 0.9933
targetspot 1.0 09714 0.9866
yellowleafcurl 1.0 1.0 1.0
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label accuracy
bacteria 0.9971
lateblight 0.9626
targetspot 0.9545
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